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Abstract
Land use and land cover (LULC) changes have been one of the most important and persistent factors recently causing changes in
the Earth’s land. The present study aimed to detect land use and land cover (LULC) changes in Baluchistan, in Southwestern
Asia, which is shared by the three countries of Iran, Pakistan, and Afghanistan, using satellite remote-sensing products. To this
end, the global land cover classification provided for a period of 13 years from 2001 to 2013 by the MODIS Land Cover Type
product (MCD12Q1) was used. The changes and dynamics of different land cover classes were investigated using net change
analysis and cross-tabulating matrix analysis methods. The net change analysis showed that the most area of Baluchistan is
covered by the barren or sparsely vegetated land cover (about 82%) and the shrubland (about 16%) classes. The dynamics
analysis of different land cover classes also indicated that there were almost mutually inverse relationships between the different
land cover classes in Baluchistan. Such mutual relationships were most common between the following pair classes:
shrublands—bare and non-vegetated lands; grasslands—bare and non-vegetated land classes; croplands—bare and non-
vegetated lands classes; and shrublands—grasslands. The most unstable land cover classes in this territory were forests,
Savannas, and grassland classes. Also, the analysis of land cover changes in the period 2001–2013 provided no clear and accurate
evidence of desertification and land degradation at this spatial scale in Baluchistan.

Keywords Land cover . Land use . Net change .MODIS sensor . Cross-tabulatingmatrix

Introduction

Land use and land cover (LULC) changes have been one of
the most important and persistent factors recently causing
changes in Earth’s land (Houet et al. 2010). Land use and land
cover (LULC) changes can occur due to various factors such

as deforestation, flood, soil erosion, and unplanned develop-
ment in the agricultural sector and unmanaged urban expan-
sion (Muttitanon and Tripathi 2005; Abdullahi et al. 2015).
Humans have changed the Earth’s surface to gain more food
by expanding agricultural activities (Houghton 1994; Squires
2002) and this expansion has accelerated due to the rapid
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growth of the population in recent decades (Houghton 1994;
Williams 1994; Hathout 2002).

Baluchistan, as a geographic area, has an arid and semi-arid
climate, regardless of the political divisions between Iran,
Pakistan, and Afghanistan. Due to this arid and semi-arid cli-
mate, there is a very fragile ecosystem in this area. Long-term
droughts, excessive use of surface water and groundwater
resources, rapid population growth, poverty, inadequate man-
agement of land resources, excessive livestock grazing, and
deforestation (Ahmed et al. 2016; Ashraf and Routray 2013;
Ahmad et al. 2012; Qasim et al. 2011; Shirazi 2006) are the
factors exacerbating this fragility. Ashraf and Routray (2013)
stated that Baluchistan, as one of the drought-prone provinces
in Pakistan, experienced one of the most severe and longest
droughts in its history between 1998 and 2002. During this
period, crop production declined by up to 50%, and many
gardens and springs dried out. Khair et al. (2012) reported a
75 m drop in groundwater levels in the mountainous areas of
northeast Baluchistan in the period 1998–2005 due to the
excessive use of groundwater resources and believed that this
sharp decline in groundwater resources is a great and danger-
ous threat to local agriculture and the survival of its dependent
communities. Moreover, the drying up of the Hamoun
International Wetlands and the Jaz Murian Wetland due to
hydro-politic problems between Iran and Afghanistan, inade-
quate management of water resources, and long and severe
droughts cause numerous environmental crises such as in-
creased dust storms, movement, and expansion of sand dunes,
salinization of croplands, declined crop yields, migration, and
so on in the Iranian Baluchistan (Mahmoudi and Rigi Chahi
2019; Dahmardeh et al. 2019; Eskandari Damaneh et al. 2018;
Maleki et al. 2018; Askari et al. 2018; Shakeryari et al. 2016).

Today, remote sensing has become a very powerful tool for
monitoring land use and land cover (LULC) changes by pro-
viding images with high temporal resolution (Yıldırım et al.
1995; Alsharif et al. 2015; Abdullahi and Pradhan 2016;
Firoozi et al. 2020a), and the use of it for mapping land use
and land cover (LULC( changes has become increasingly im-
portant (Pax-Lenney et al. 2001; Watson and Wilcock 2001;
Scanlon et al. 2002; Foody 2003; Turner et al. 2003; Paolini
et al. 2006). Digital detection of land use and land cover
(LULC) changes is a technique to detect and identify changes
in the land cover characteristics over time using satellite im-
ages (Jensen 2007; Firoozi et al. 2020b). These changes can
be categorized into two different categories: (Abdullahi and
Pradhan 2016) land cover changes, whose imperceptible
changes do not change the land cover class. Changes in this
category are often associated with climate variability such as
droughts and vegetation fires; (Abdullahi et al. 2015) land
cover changes in which one land cover class is completely
converted to another (Coppin et al. 2004) such as conversion
of a grassland class to a cropland class or conversion of a
cropland class to an urban class.

There are various land use and land cover (LULC) change
detection methods, which have been reviewed in detail by Attri
et al. (2015), Lu and Weng (2007), and Coppin et al. (2004).
Arrays of techniques are available to detect land use and land
cover (LULC) changes frommulti-temporal remote-sensing data
sets which can be broadly grouped into two general types (Singh
1989; Jensen 1996; Coppin and Bauer 1996; Ding et al. 1998;
Johnson and Kasischke 1998): (Abdullahi and Pradhan 2016)
those based on spectral classification of the input data such as
post-classification comparison (e.g., Mas 1999) and direct two-
date classification (e.g., Li and Yeh 1998) and (Abdullahi et al.
2015) those based on radiometric change between different ac-
quisition dates, including (a) image algebra methods such as
band differencing (Weismiller et al. 1977), ratioing (Howarth
and Wickware 1981), and vegetation indices (Nelson 1983);
(b) regression analysis (Singh 1986; Alsharif and Pradhan
2014); (c) principal component analysis (Byrne et al. 1980;
Gong 1993); and (d) change-vector analysis (CVA) (Malila
1980). Based on a mixture of categorical and radiometric change
information, hybrid approaches have also been proposed and
evaluated (Colwell and Weber 1981; Alsharif and Pradhan
2015). Deer (1998) suggested a three-level categorization system
that differentiates these methods by introducing the notion of a
pixel, feature, and object-level image processing. The use of a
cross-tabulating matrix method has also been extensively used in
the detection of land use and land cover (LULC) change in
different parts of the world (Zewdie and Csaplorics 2016a;
Zewdie and Csaplorics 2016b; Mtibaa and Irie 2016).

In most of these methods, only two ormore images, usually
Landsat images (Liberti et al. 2009; Asis and Omasa 2007;
Vrieling 2006; King et al. 2005; Hill and Schütt 2000;
Alsharif and Pradhan 2016), are used to detect changes.
These images are used to detect changes by comparing them.
Using these methods, limited case studies have been carried
out on Baluchistan to detect land use and land cover (LULC)
changes in it (Khan and Qasim 2017; Khan et al. 2016;
Ahmad et al. 2012).Most of these studies have also confirmed
land use and land cover (LULC) changes. Reviewing the lit-
erature showed that it is difficult to correctly and accurately
detect changes in digital images. Spatial, spectral, and subjec-
tive limitations can affect the results of change detection. Even
in identical environments, different methods may produce dif-
ferent maps and results (Muttitanon and Tripathi 2005). For
this reason, it is important to select the appropriate method for
land use and land cover (LULC) studies.

Consequently, based on the existing research background,
many of which are mentioned above, it was observed that
many studies have considered land use-land cover (LULC)
changes in Baluchistan. But there are very few or no studies
that specifically address land use-land cover (LULC) change
in the whole of Baluchistan as an independent geographical
unit, regardless of the existing political divisions between
Iran, Pakistan, and Afghanistan. Then, due to the lack of up-
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to-date spatial information in the field of land degradation and
reconstruction in Baluchistan (due to its severe geographical
isolation) and due to the availability of 13 years of theMODIS
Land Cover Type products of Terra Satellite, the main aim of
this study was to investigate land use and land cover (LULC)
using the method of cross-tabulating matrix to reveal the po-
tential of desertification and land degradation in Baluchistan.

Study area

Baluchistan is a vast territory situated in the southeast of the
Iranian plateau and shared by the three countries of Iran,
Pakistan, and Afghanistan. The Persian part of this area is
now part of Sistan and Baluchestan province and its Pakistani
part is also the largest state in Pakistan, which is called
Baluchistan. The exact border of this vast region is not clear
(Frye and Elfenbein 2019). Its area is about 769,824 km2, of
which about 361,738 km2 are in Pakistan, 302,845 km2 in Iran,
and 105,241 km2 in Afghanistan (Fig. 1). Baluchistan is geo-
graphically divided into four areas of upper high lands, lower
high lands, plains, and deserts (Ahmad et al. 2014). Upper high
lands with an elevation of 1500m above sea level are located in
the northeast of Baluchistan and lower high lands with eleva-
tions between 600 and 1200m are located above sea level in the
southeast of Baluchistan. The plains are mostly in central and

western Baluchistan and the deserts are located in the north,
northwest, south, and southwest of Baluchistan (Government
of Balochistan 2019). The area has a population of about 15.7
million people, 78.5% of which is in the Baluchistan State of
Pakistan, 17.7% in the Sistan and Baluchestan province of Iran,
and the remaining 3.8% in Afghanistan. Baluchistan has differ-
ent climates due to its complex topography and vast area.
According to De Martonne climate classification (De
Martonne 1909), there are seven different climate classes in this
territory. But since Baluchistan is located in the desert belt of
the Northern Hemisphere, much of it is dominated by subtrop-
ical high-pressure cells. Thus, much of it, except for its north-
eastern part, which is mountainous, has an arid and semi-arid
climate. In Baluchistan, the average annual temperature varies
between 15 and 40 °C, with the lowest average annual temper-
ature in its northeast part and the highest on the south coast. In
Baluchistan, its central and northeastern parts experience the
lowest (ranging 50–100 mm) and highest (ranging 600–650
mm) average annual precipitation.

Data and methodology

In this study, the global land cover classifications provided by
the MODIS land cover type product (MCD12Q1) for a period

Fig. 1 Geographic location of Baluchistan in Southwest Asia, shared by Iran, Pakistan, and Afghanistan
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of 13 years from 2001 to 2013 were used to detect land cover
changes in Baluchistan, Southwest Asia. The MODIS land
cover type product contains various classification schemes
describing the land cover characteristics yearly derived from
the observations of the Terra and Aqua data (NASA 2012).
Different types of MODIS products were used as inputs for
this type of product:

& MOD44W–EOS Land/Water Mask
& MOD42B4–Nadir BRDF Adjusted Reflectance (NBAR)
& MODAGTEX–Spatial Texture derived from Band 1, red,

250 m
& MOD43B1–Directional Reflectance Information
& MOD13Q1–MODIS Enhanced Vegetation Index (EVI)
& MOD10–Snow Cover
& MOD11–Land Surface Temperature (LST)
& MOD03–Terrain Elevation Information

This data set was prepared over a 1-month time period to
produce a globally consistent, multi-temporal database on a 1-
km grid as input to classification and change characterization
algorithms (Strahler et al. 1999). In this study, the new data of
the refined Collection 6 MODIS Global Land Cover Type
product were used to improve and correct spatial resolution
using annual EVI, LST, and NBAR metrics (Sulla-Menashe
and Friedl 2018). Table 1 summarizes the important informa-
tion of this set. Land cover classes are generated by processing
a 32-day database and using supervised classifications, deci-
sion trees, and artificial neural network classification algo-
rithms, based on training data (Strahler et al. 1999; Friedl
et al. 2010). The training data for the collection 6 product
include 1860 points distributed across the Earth’s lands that
are validated using Landsat data or higher spatial resolution
data (Friedl et al. 2010).

The MODIS land cover type product was developed to
support scientific research as well as to study the dynamics
of global land cover characteristics at seasonal to decadal time
scales (Friedl et al. 2010). This product consists of six main

layers that map the land cover using different classification
systems:

& 17-class International Geosphere-Biosphere Programme
classification (IGBP(

& 14-class University of Maryland classification (UMD(
& 10-class system used by theMODIS LAI/FPAR algorithm
& 8-biome classification
& 12-class plant functional type classification
& FAO-Land Cover Classification System land cover

(LCCS1) legend

In this study, among different land cover classification
systems, only the UMD land cover classification system
was analyzed. This classification system was chosen due
to its greater agreement with the realities of land cover in
Baluchistan compared with other classification systems.
This agreement was also confirmed by land-based surveys
using GPS. The UMD land cover classification system
was first introduced on AVHRR data in 2000 at the
University of Maryland. In this land cover classification
system, a hierarchical tree structure was used to classify
the data into 14 classes based on the minimum annual red
reflectance, peak annual NDVI, and minimum blue band
brightness (Hansen et al. 2000). These 14 classes have
been listed in Table 2.

Knowing the geographical and climatic conditions in
Baluchistan as well as the share and importance of different

Table 1 Main characteristics of MODIS land cover type product

Product name MODIS land cover type

Product name code MCD12Q1

Version number = 9 6

Spatial resolution 500 m (463.312 m)

Temporal resolution Yearly

Availability 2001–present

Tile size (km) approx. 1200 × 1200

Tile size (pixel) 2400 × 2400

Projection Sinusoidal grid projection

Table 2 Reclassification of UMD land cover classes

New
codes

Reclassified land
cover

Old
codes

UMD land cover classes

1 Water 0 Water bodies

11 Permanent wetlands

2 Forest 1 Evergreen needleleaf forests

2 Evergreen broadleaf forests

3 Deciduous needleleaf forests

4 Deciduous broadleaf forests

5 Mixed forests

3 Shrublands 6 Closed shrublands

7 Open shrublands

4 Savannas 8 Woody savannas

9 Savannas

5 Grasslands 10 Grasslands

12 Croplands

6 Croplands 14 Cropland/natural vegetation
mosaics

7 Urban 13 Urban and built-up lands

8 Non-vegetated
lands

15 Non-vegetated lands

255 Unclassified
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land cover classes in this area, first, the UMD classification
system was reclassified to reduce the number of classes. This
reclassification attempted to reduce classes by integrating un-
necessary and marginal classes into the main classes. The
reclassification allowed researchers to focus on those classes
of land cover types and their positions that play the most roles
in desertification and land degradation. The results of the in-
tegration of unnecessary and marginal classes into the main
classes have been listed in Table 2.

Investigating the net change of different land cover types
and analyzing their trends over time, some useful primary

information about land cover systems may be obtained, al-
though it is obvious that it does not provide specific knowl-
edge about the conversion of one class to another. In other
words, it is not possible to determine which land cover class
was converted to another or which class caused fundamental
changes in other land cover types (Pontius et al. 2004).
Thus, in order to meet this weakness, it was necessary to
use other methods that could provide more information in
this regard. One of these methods was cross-tabulating ma-
trix (Pontius and Cheuk 2006). An example of this cross-
tabulating matrix has been illustrated in Table 3 to know its

Table 3 An example of a cross-tabulating matrix

Time 2 Total time 1 Loss

Category 1 Category 2 Category 3 … Category n

Time 1

Category 1 P1,1 P1,2 P1,3 … P1,n P1,+ P1+ − P1,1
Category 2 P2,1 P2,2 P2,3 … P2,n P2,+ P2+ – P2,2
Category 3 P3,1 P3,2 P3,3 … P3,n P3,+ P3+ − P3,3
… … … … … … … …

Category n Pn,1 Pn,2 Pn,3 … Pn,n Pn,+ Pn+ − Pn,n
Total time 2 P+1 P+2 P+3 … P+n 1

Gain P+1 − P1,1 P+2 – P2,2 P+3 – P3,3 … P+n – Pn,n

Fig. 2 Spatial distribution map of
different land cover classes in
Baluchistan, Southwest Asia, in
2013
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basic principles. In this matrix, the percentage of each land
cover was placed at time t in rows and at time t + 1 in col-
umns. Elements of the diagonal of the matrix represented
stable land cover classes and the remaining elements repre-
sented land cover changes from one class to another at the
time interval from t to t + 1. For any given class, the net
change was estimated by calculating the difference between
P+n and Pn+.

Cross-tabulating matrices were calculated based on raster
data with a spatial component. Thus, the cross-tabulating ma-
trix can be seen as a summary of the underlying data contain-
ing spatial information. The simplified basic formula used for
calculating the cross-tabulating raster was as follows:

cross−tabulating−raster ¼ LCT raster tð Þ½ � � 100ð Þ
þ LCT raster t þ 1ð Þ½ � ð1Þ

This formula was used for all land cover classes from 2001
to 2013; 8 × 8 cross-tabulation matrices were prepared.
Comparing the two distinct points in these cross-tabulating
tables over time indicated the locations where specific geo-
graphic changes occurred.

Results

Primary evaluation of land cover changes

Spatial distribution of different land cover classes over the
whole studied period, obtained from the UMD land cover
classification system, were presented in 13 maps. For exam-
ple, Fig. 2 shows the spatial distribution map of the land cover
classes in 2013. Bare and non-vegetated lands in the center
and west, shrublands in the east, and a combination of crop-
lands and grasslands in the southwest also had the highest
spatial concentration in Baluchistan (Fig. 2). Considering the
share of each land cover class in 2013, it was found that the
bare and non-vegetated lands (81.8%) and shrublands
(16.13%) had the largest shares of the area of Baluchistan
(Fig. 3). These two classes, especially the shrubland class,
can play a key role in Baluchistan’s environmental systems,
followed by grasslands, croplands, and urban classes, with
1.47%, 0.38%, and, 0.11% share, respectively. Savannas, for-
ests, and waterbody classes had the smallest shares of the area
of Baluchistan (Fig. 3).

Figure 4 shows the evolution of the share of each land cover
class in the period 2001–2013. The largest growth was ob-
served in the shrubland class between 2001 and 2009. Over
the 2 years, a 6.52% rise was observed in the shrubland class.
In 2001, this class accounted for 10.71% of the total area of
Baluchistan and 17.23% in 2009. On the other hand, between
2001 and 2009, a 6.38% decline was observed in the bare and
non-vegetated land cover class. In 2001, this class accounted
for 87.64% of the total area of Baluchistan and 81.26% in 2009.
Grasslands, forests, and waterbody classes also experienced
0.32%, 0.1%, and 0.04% decline, respectively. But from 2009
to 2013, the share of the shrubland class has decreasedwhile the
share of the class of bare and non-vegetated lands has increased.
However, the increase has not been significant at all.

The grassland class has also experiencedmany changes in its
share over the studied 13 years. The lowest percentage of this
class was observed in 2003 (0.55%) and the highest in 2011
(1.69%). The cropland class has also varied from 0.11% (2004)

Fig. 3 Share of different land cover classes in Baluchistan, in Southwest
Asia, in 2013 (in percent)

Fig. 4 Evolution of the share of
each land cover class obtained
from the UMD land cover
classification system in
Baluchistan, in Southwest Asia,
in the period 2001–2013
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to 0.52% (2011). The waterbody class, which also accounted
for a very small percentage of the total area of Baluchistan, has
changed yearly. In 2005 and 2007, it reached its maximum
value of 0.15%, and in 2010, its minimum value of 0.08%.
Other classes, such as forests, savannas, and urban classes, have
either been unchanged or experienced little change during the
13 years. Table 4 shows each land cover class’s share of the
total area of Baluchistan, presented in Fig. 4.

As Table 4 shows the shares of all land cover classes in
percent, Table 5 shows the absolute changes in the area of
each of the eight land cover classes in square kilometers. In
this table (Table 5), the negative values in red indicate the
decrease in area and the positive values in black indicate the
increase in the area of each land cover class from year to year.
As shown in Table 5, except for the urban class that has not
experienced any changes during the 13 years studied, the re-
maining classes have experienced an increase or decrease in
area. The savannas class covering a very small area of
Baluchistan was the only land cover class, which has experi-
enced an ascending trend for 7 years from 2004 to 2011. This
variation trend has been the longest continuous variation trend
among all the studied eight classes. The shrubland class, as the
most important and major land cover, especially in eastern
Baluchistan, has experienced both incremental and decremen-
tal changes. But its incremental changes were more than dec-
remental ones. Its maximum incremental change was ob-
served during 2006–2007 (13837.7 km2) and its maximum
decremental was observed during 2011–2012 (7550.2 km2).
As noted earlier, and shown in Table 5, it is obvious that the
increase in the shrubland class has been accompanied by a
decrease in the bare and non-vegetated land class, and then
other classes, especially grasslands and croplands classes. But
such a relationship between the shrubland class and the bare
and non-vegetated land class has not been the case all year,
and many exceptions can be observed (Table 5).

Figure 5 shows the net changes of the eight land cover
classes between 2001 and 2013, as presented in Table 5 as
decreasing or increasing values. In this diagram (Fig. 5), the
decreasing or increasing variations of the different land cov-
er classes are visible. According to the diagram, most land
cover changes occurred in the periods of 2003–2004 and
2006–2007. During 2003–2004, there was a tremendous
increase in the absolute area of grasslands (244,427.7
km2), followed by the shrublands (7771.5 km2). The in-
crease in the area of grassland class was the largest incre-
mental change among all the classes in the first studied
period. During 2006–2007, the second largest change in
land cover classes in Baluchistan is observed. During this
period, the increases in the areas of shrublands (13,837.7
km2), grasslands (3333.7 km2), croplands (1046 km2), and
water bodies (408 km2) are visible. In contrast to this devel-
opment, the greatest reduction is observed in the area of bare
and non-vegetated lands (17,627 km2).

The inverse incremental-decremental relationship between
the grassland and cropland classes with the bare and not-
vegetated land’s class that has been visible for most of the
studied years can be explained by the geographic conditions
of the transition zones (ecotones). In these transition zones
(ecotones), the shares of different land cover classes may
change several times over the studied time. This may be due
to the sensitivity of the classification algorithm or as a result of
seasonal variability of the climate affecting the growth of
plants in transition zones.

Cross-tabulating matrices

To detect the dynamics of different land cover classes obtain-
ed from the UMD land cover classification system, four cross-
tabulating matrices were prepared for the years of 2001–2004,
2004–2007, 2007–2010, and 2010–2013. Here, for example,

Table 4 All land cover classes’
shares of the total area of
Baluchistan, in Southwest Asia,
based on the UMD land cover
classification system in the period
2001–2013 (in percent)

Year Water Forest Shrublands Savannas Grasslands Croplands Urban Non-vegetated
lands

2001 0.14 0.01 10.71 0.01 1.20 0.19 0.11 87.64

2002 0.12 0.00 11.31 0.00 0.95 0.14 0.11 87.36

2003 0.13 0.00 12.34 0.00 0.55 0.16 0.10 86.72

2004 0.11 0.01 13.34 0.00 0.79 0.11 0.11 85.54

2005 0.15 0.01 14.56 0.00 0.89 0.14 0.11 84.14

2006 0.09 0.01 14.27 0.00 0.84 0.18 0.11 84.50

2007 0.15 0.00 16.06 0.01 1.14 0.31 0.11 82.23

2008 0.09 0.00 16.21 0.00 0.68 0.30 0.11 82.60

2009 0.10 0.00 17.23 0.01 0.88 0.42 0.11 81.26

2010 0.08 0.00 15.86 0.01 1.27 0.33 0.11 82.34

2011 0.09 0.00 16.75 0.01 1.69 0.52 0.11 80.83

2012 0.09 0.01 15.78 0.01 1.64 0.40 0.11 81.97

2013 0.09 0.01 16.13 0.01 1.47 0.38 0.11 81.80
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and also, as a basis for discussion of variations in land cover
classes and their dynamics over time, the cross-tabulating ma-
trix related to 2 years of 2001 and 2004 (the first 3 years of the
studied period) has been presented. The diameters of the ma-
trices, shown in Italics, actually represent stable areas. The
values in red represent the largest transitions between different
land cover classes. Bold cells also indicate changes. Although
these cells are not as important as the values in Bold and
Italics, they should not be ignored in any case.

The total areas of all land cover classes are summarized
in the “Total” column. In addition, the absolute loss and
gain, as well as their percentages, were calculated and
listed in the related columns. To derive net changes from

cross-tabulating matrices, the difference between loss and
gain of each land cover class must be calculated. Finally, to
ensure the correctness of the analysis, the obtained areas
should be equal to the areas calculated in the actual
assessments.

According to Table 6, showing the net changes of the eight
land cover classes over the 3-year periods, it is observed that
the shrubland class had a gain of 20,433.7 km2 in Baluchistan
between 2001 and 2004. In the cross-tabulating matrix pro-
duced for this period, it is observed that this net change was
the result of a gain of 29,874.5 km2 and a loss of 9440.7 km2

in the studied area (Table 7). Thematrix also shows that a total
20,433.7 km2, which was the difference between the two

Table 5 Net change of land cover type obtained from the UMD classification system for Baluchistan, in Southwest Asia, in the period 2001–2013 (in
km2). Italicized values indicate the decrease in land cover class and bold values indicate the increase in land cover class

Year 2001–
2002

2002–
2003

2003–
2004

2004–
2005

2005–
2006

2006–
2007

2007–
2008

2008–
2009

2009–
2010

2010–
2011

2011–
2012

2012–
2013

Land cover

Water − 85.5 − 34.7 − 180.2 7052.2 − 422.5 408 − 418.5 54.2 98.5 − 69.5 32.7 − 30

Forest − 12.7 − 13 48.7 − 22.2 10 − 25.5 − 2.2 − 4.7 − 3.7 6.2 27 40.2

Shrublands −
4654.-
5

8007.7 7771.5 9463.7 −
2224.-
5

13837.7 1230 −
2751.-
7

10642.5 −
3730.-
5

−
7550.-
2

2739.5

Savannas − 25.7 − 15 − 11 8.5 23.2 23.5 16.7 19.2 12 22 − 15.2 25.2

Grasslands − 1937 −
3175.-
7

24427.7 761.2 − 390.5 2337.2 −
3564.-
2

4586 −
3064.-
5

6302.2 − 355.5 −
1317.-
7

Croplands − 389.5 132.2 − 369 265 263.5 1046 − 82.2 239 674 778.7 − 969 − 148

Urban 0 0 0 0 0 0 0 0 0 0 0 0

Non-Vegetated
Lands

2181.7 4971 − 8403 −
8405.-
5

−
1082-
8.2

− 17627 2583.2 −
2033.-
5

−
8358.-
7

−
3309.-
25

8839.2 1318.2

Fig. 5 Evolution of temporal
changes in the area of each land
cover class in the period 2001–
2013, in km2
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values of 2987.55 (sum of increased areas) and 9440.7 (sum
of decreased areas), was affected by the dynamics of these
mutual changes (Table 7). But, about the bare and non-
vegetated lands, the net changes showed a loss of 16,330.5
km2 between the period 2001 and 2004 (Table 6). According
to the cross-tabulating matrix, this loss was the difference
between the two values of 30,123 (sum of increased areas)
and 13,793.2 (sum of decreased areas) (Table 7). It is therefore
observed that the area affected by these changes was several
times larger than the value obtained from the net change
analyses.

The net change of grassland class was about + 1609 km2,
resulting from a gain of 4348 km2 and a loss of 2739 km2.
This value was not only very different from the one obtained
from the net change analysis but was precisely the opposite.
The net change analysis showed a loss of 3185 km2 in the area
of the grassland class.

Table 8 shows the loss, gain, and stability in the area of
each eight land cover classes in the period 2001–2004.
According to Table 8, it can be seen that the urban class was
the only class with no changes in its area and its value
remained constant. But the forests, savannas, and grassland
classes were completely unstable and no stability was ob-
served during this period (2001–2004) (it should be noted that
in any case where the sum of loss and gain values exceed
100%, that land cover class is completely unstable). The in-
stability of these classes must be analyzed with their absolute
values. As shown in Table 4, it can be seen that the share of
each of these classes is negligible. About 40% of the area of
the shrubland class, which accounted for the largest area after
the bare and non-vegetated land class, has changed dynami-
cally in the period 2001–2004.

By examining the percentage of loss, gain, and stability in
the area of each eight land cover classes in Baluchistan, it was
observed that the forests, savannas, and grassland classes were

Table 6 Net changes of the eight land cover classes in the 3-year pe-
riods, in km2

Land cover type 2001–
2004

2004–
2007

2007–
2010

2010–
2013

Water − 231 305.2 − 473 31.7

Forest 23 − 37.7 − 7 69.7

Shrublands 20433.7 21077 − 1521.7 2101.2

Savannas − 52.5 33.5 2.5 43.7

Grasslands − 3185 2708 1021.7 1564.5

Croplands − 626.2 1574.5 157.5 335.7

Urban 0 0 0 0

Non-vegetated
lands

− 16330.5 − 25692 819.7 − 4147

Table 7 Cross-tabulating matrix of the eight land cover classes obtained from the UMD land cover classification system for the period 2001–2004, in
km2

2004 2001

WAT FOR SHU SAV GRL CRL UBU BAR Total 2001 Loss %Loss

2001 WAT 782.5 6.2 1.5 0 3 1.7 0 258.7 1053.7 271.2 25.7

FOR 17.2 9.5 1.5 1.7 1.5 1.2 0 7.7 40.5 31 76.5

SHU 1.7 0.2 73,774.2 3.2 402 212.2 0 8821.2 83,215 9440.7 11.3

SAV 3.5 3 18.5 3.7 5.5 7.5 0 22.2 64 60.2 94.1

GRL 8.2 8.7 2927.5 0.7 1082.2 26.2 0 4561.5 9335.2 2739 29.3

CRL 0.5 0 798 1.5 17 545.7 0 121.7 1484.5 938.7 63.2

UBU 0 0 0 0 0 0 826 0 826 0 0

BAR 9 4 26,127.5 0 3919 63.5 0 650,704.7 680,827.7 30,123.7 4.4

2004 Total 2004 822.7 31.7 103,648.7 11 6150.2 858.2 826 664,498

Gain 40.2 22.2 29,874.5 7.2 4348 312.5 0 13,793.2

%Gain 4.9 70.1 28.8 65.9 70.7 36.4 0 2.01

Table 8 Loss, gain, and stability in the area of each eight land cover
classes obtained from the UMD land cover classification system in the
period 2001–2004, in percent

Land cover type Loss in % Gain in % Stability in %

WAT 25.7 4.9 69.4

FOR 76.5 70.1 0

SHU 11.3 28.8 59.9

SAV 94.1 65.9 0

GRL 29.3 70.7 0

CRL 63.2 36.4 0.4

UBU 0 0 100

BAR 4.4 2.01 93.59
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the most unstable land cover classes in Baluchistan due to
their very small areas. Shrublands and water zone classes were
also the most dynamic land cover classes. Bare and non-
vegetated lands and cropland classes were the two land cover
classes with little changes. However, they still reflect the fact
of inverse development.

Dynamic development of land cover changes

In general, the major land cover changes in Baluchistan have
been mutual changes or often, between the following pair
classes: shrublands—bare and non-vegetated lands;
grasslands—bare and non-vegetated lands; croplands—bare
and non-vegetated lands; and shrublands—grasslands. In
most of the studied years, the areas affected by the mutual
changes for the shrublands and the bare and non-vegetated
land classes were more than 7500 km2, and in some periods,
such as 2001–2004, it reached above 31,750 km2, which
means about 4% of the total area of Baluchistan. Clearly, this
was the largest change among the different land cover classes
in Baluchistan, since these two land cover classes covered the
largest area of Baluchistan and the largest sensitive transition
area. Figure 6 shows the dynamic development of these two
land cover classes. According to Fig. 6, it is clear that the two
classes were significantly related to each other and affected
each other dynamically and perhaps even cyclically. But this
requires more investigations, data prepared in a longer period,
and more advanced statistical methods. In addition, the dy-
namics have declined from the early years to the late years.

The dynamics between the grassland and bare and non-
vegetated land classes is illustrated in Fig. 7. As seen in Fig.
7, the dynamics of the class of bare and non-vegetated lands to
the grassland class has increased over the studied 13 years
compared with its inverse dynamics, namely conversion of
the grassland class to bare and non-vegetated land class. At
the beginning of the studied period, it was approximately
3750 km2, while at the end of the period, it increased to more

than 5250 km2. As discussed earlier, the grassland class has
been one of the most unstable land cover classes in
Baluchistan, due to its very smaller share compared with other
land cover classes.

The third land cover change was related to changes be-
tween grassland and shrubland classes. Figure 8 shows that
the areas of grasslands converted to shrublands and vice versa
varied yearly, and no specific regularity was observed. The
reason for this irregularity was certainly the very small area of
rangeland area and their extreme instability in this part of the
world with an arid and semi-arid climate. During 2001–2004,
only 402 km2 of shrublands was converted to grasslands,
while in contrast, 2927.5 km2 of grasslands was converted to
shrublands. At the end of the studied period (2001–2013), it is
observed that in addition to the fact that the differences be-
tween the conversion of these two classes have been reduced,
their value has decreased.

In addition to the conversions above mentioned, the mutual
conversions of the two croplands and bare and non-vegetated
land classes must be considered. There was a mutual relation-
ship between them. About these two classes, croplands-to-
bare and non-vegetated land conversion was more than its
inverse conversion (Fig. 9).

In addition to the conversions above mentioned, there were
almost unilateral conversions for classes such as savannas,
forests, and even water bodies. During the studied period, it
was observed that the areas of the forests, savannas, and water
body classes decreased, increased, and decreased,
respectively.

Discussion

Land use and land cover (LULC) changes have been one of
the most important and persistent factors recently causing
changes in the Earth’s land. Thus, the main purpose of this
study was to investigate land use/land cover changes in

Fig. 6 Development of
conversion between shrublands
and bare and non-vegetated land
classes from 2001 to 2013 at 3-
year intervals and in km2
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Baluchestan located in the south-west of Asia to demonstrate
desertification and land degradation using land cover world
databases. The changes and dynamics of different land cover
classes were investigated using net change analysis and cross-
tabulating matrix analysis methods. Investigating the spatial
distribution maps of different land cover classes and determin-
ing their share of the total area of Baluchistan, it was found
that the shrublands (about 82%) and bare and non-vegetated
lands (about 16%) classes were the most important and dom-
inant land cover in Baluchistan, respectively. The net change
analysis of different land cover classes showed that the
greatest increase in the area was related to the shrublands,
which was about 6.52% in the period 2001–2009. This in-
crease was associated with a 6.38% decrease in the area of
the bare and non-vegetated land class and a 0.14% decrease in
the area of grasslands, forests, and water bodies’ classes.
Investigating the dynamics of different land cover classes also
showed that there was a mutual relationship between the bare
and non-vegetated lands and shrubland classes, that is, an
increase in the area of one of them was associated with a
decrease in the area of another one. Such a mutual relationship
has also been observed between the grasslands and the bare

and non-vegetated land classes, the croplands, and the bare
and non-vegetated lands, as well as the shrubland and the
grassland classes. Regardless of the bare and non-vegetated
lands and shrubland classes that are the most stable land cover
classes in Baluchistan, other classes, especially croplands, wa-
ter bodies, and grasslands, experienced extreme instability.

It can be very important to pay attention to the instability
of these three classes (croplands, water bodies, and grass-
lands) in Baluchistan, especially in its land management.
What has made this important is the livelihood based on
agriculture and animal husbandry of the inhabitants of this
land, especially in rural areas. Numerous reasons can be
mentioned for the instability of these three classes of land
cover in Baluchistan. The occurrence of severe and
prolonged droughts (Ashraf and Routray 2013; Ahmed
et al. 2016), overgrazing of livestock (Shirazi 2006), im-
proper use of groundwater resources (Khair et al. 2012),
improper management of land resources (Ahmad et al.
2012; Eskandari Damaneh et al. 2018), and hydropolitical
problems between Iran and Afghanistan (Ettehad 2010) can
be the most important of these factors. In general, the effects
of these instabilities can be seen in increasing dust storms

Fig. 8 Development of
conversion between grasslands
and shrubland classes from 2001
to 2013 at 3-year intervals and in
km2

Fig. 7 Development of
conversion between grasslands
and bare and non-vegetated land
classes from 2001 to 2013 at 3-
year intervals and in km2
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(Mahmoudi and Rigi Chahi 2019), movement, and expan-
sion of sand dunes (Asgari Lafmejani and Naderianfar
2015), salinization of croplands (Chandio et al. 2017), the
reduced yield of agricultural products, and migration.
Therefore, considering the arid and semi-arid climate of this
area, the instability of cropland and grasslands can be a very
serious warning in the field of Baluchistan land manage-
ment. This instability can also jeopardize the stable rural
livelihoods, which is heavily dependent on livestock and
agricultural land.

Zewdie and Csaplovics (2016a, b) and Mtibaa and Irie
(2016) found the use of a cross-tabulating matrix method to
be very appropriate in detecting land use/land cover change
(LULC). In these studies, they used the cross-tabulating ma-
trix method for only a few Landsat satellite images and a
limited area. Another very important point that has become
more apparent in these studies is their non-use of ready-made
ground cover products of various satellite sensors. In their
studies, they used different supervised and unsupervised clas-
sification methods to determine the different land cover/land
use classes in their study area. Though it seems that the use of
a cross-tabulating matrix method for very large study areas
such as Baluchistan and also the use of the MODIS Land
Cover Type products of Terra Satellite with medium spatial
resolution cannot provide accurate spatial details of land
cover/land use changes. This may be due to the nature of the
UMD classification system, which is slightly erroneous for
arid and semi-arid regions of the world with sparse vegetation.

Conclusion

Using land cover classification at more than two distinct
points in time reveals the development of dynamics and there-
fore exposes additional important information. As it was
shown, cross-tabulating is a key method to assess not only

net change but more important the dynamics between differ-
ent land cover type classes. Comparison of the twomethods of
net change analysis and cross-tabulating matrix analysis
showed that it was not adequate and sufficient to compare
the distribution and share variation of different land cover
classes at two or more specific time points to understand the
land cover change processes. The cross-tabulating matrix
analysis is, in fact, a method that complements the perceptions
obtained from the primary evaluations. Therefore, these
methods only provide primary information about the changes
and dynamics of land cover in an area for researchers, plan-
ners, and policymakers, and it is required to use smaller limits
and higher spatial resolution images to obtain more detailed
and accurate information. Thus, to obtain more accurate infor-
mation, it is suggested that in the future, the results of this
study be considered by changing the variability of climatic
and meteorological variables such as precipitation and tem-
perature to understand the dynamics of land use/land cover
(LULC). Furthermore, droughts and their short-term and long-
term effects on vegetation degradation are another issue that
has not been addressed in this study and could be seriously
considered by researchers in the future. It is suggested that
with newer classification methods, land use dynamics/land
cover (LULC) in Baluchistan be studied and their results be
compared with the results of this study. Finally, the analyses
of land cover changes in the period 2001–2013 provided no
clear and accurate evidence of desertification and land degra-
dation at this spatial scale in Baluchistan.
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Fig. 9 Development of
conversion between croplands
and bare and non-vegetated land
classes, from 2001 to 2013, at 3-
year intervals and in km2

 1274 Page 12 of 14 Arab J Geosci         (2020) 13:1274 

https://modis.gsfc.nasa.gov/data/


References

Abdullahi S, Pradhan B (2016) Sustainable brownfields land use change
modeling using GIS-based weights-of-evidence approach. Appl
Spat Anal Policy 9:21–38

Abdullahi S, Pradhan B, Mansor S, Shariff ARM (2015) Urban sustain-
ability analysis through Compact city: GIS-based modeling for spa-
tial measurement and evaluation of mixed landuse development.
GIsci Remote Sens 52(1):18–39

Ahmad S, Islam M, Mirza SN (2012) Rangeland degradation and man-
agement approaches in Baluchistan, Pakistan. Pak J Bot 44:127–136

Ahmad K, Shahid S, Harun SB (2014) Spatial interpolation of climatic
variables in a predominantly arid region with complex topography.
Environ Syst Decis 34(4):555–563

Ahmed K, Shahid S, Harun BS, Wang XJ (2016) Characterization of
seasonal droughts in Balochistan Province, Pakistan. Stoch Env
Res Risk A 30(2):747–762

Alsharif AAA, Pradhan B (2014) Urban sprawl analysis of Tripoli met-
ropolitan city (Libya) using remote sensing data and multivariate
logistic regression model. J Indian Soc Remote Sens 42:149–163

Alsharif AAA, Pradhan B (2015) A novel approach for predicting the
spatial patterns of urban expansion by combining the chi-squared
automatic integration detection decision tree, Markov chain and cel-
lular automata models in GIS. Geocarto Int 30(8):858–881

Alsharif AAA, Pradhan B (2016) Spatio-temporal prediction of urban
expansion using univariate statistical models: comparative assess-
ment of the efficacy of evidential belief functions and frequency
ratio models. Appl Spat Anal Policy 9(2):213–231

Alsharif AAA, Pradhan B, Mansor S, Shafri HZM (2015) Urban expan-
sion assessment by using remotely sensed data and the relative
Shannon entropy model in GIS: a case study of Tripoli, Libya.
Theor Empir Res Urban Manag 10(1):55–71

Asgari Lafmejani S, Naderianfar M (2015) Vulnerability of rural settle-
ments to moving sands formed by wind erosion in the dried bed of
Hamoon International Wetland in Hirmand township. J Spat Anal
Environ Hazarts 2(1):17–30 (In Persian)

Ashraf M, Routray JK (2013) Perception and understanding of drought
and coping strategies of farming households in north-west
Balochistan. Int J Disaster Risk Reduct 5:49–60

Asis AMD, Omasa K (2007) Estimation of vegetation parameter for
modeling soil erosion using linear spectral mixture analysis of
Landsat ETM data. ISPRS J Photogramm Remote Sens 62(4):
309–324

Askari DS, NohtaniM,DehmardehGMR,MohammadiM (2018) Effects
of Hamoon waterland temporal refilling on physical and chemical
properties of soi (case study). Irrig Water Eng 8(30):45–56 (In
Persian)

Attri P, Chaudhry S, Sharma S (2015) Remote sensing & GIS based
approaches for LULC change detection–a review. Int J Curr Eng
Technol 5(5):3126–3137

Byrne GF, Crapper PF, Mayo KK (1980) Monitoring land-cover by prin-
cipal component analysis of multitemporal Landsat data. Remote
Sens Environ 10:175–184

Chandio NH, Mallah QH, Anwar MM (2017) Evaluation of soil salinity
and its impacts on agriculture: nexus of RBOD-III, Pakistan. Sindh
Univ Res J (Sci Ser) 49(3):525–528

Colwell J, Weber F (1981) Forest change detection, 5th International
Symposium on Remote Sensing of Environment, 11- 15 May,
Ann Arbor, Michigan, pp. 65–99

Coppin PR, Bauer ME (1996) Digital change detection in forest ecosys-
tems with remotely sensed imagery. Remote Sens Rev 13:207–234

Coppin P, Jonckheere I, Nackaerts K, Muys B, Lambin E (2004) Review
article digital change detection methods in ecosystem monitoring: a
review. Int J Remote Sens 25(9):1565–1596

Dahmardeh M, Shahraki J, Akbari A (2019) Economic assessment of
environmental damages caused by drying up of Hamoon wetland
in Sistan region. J Nat Environ Hazards 8(19):209–227 (In Persian)

De Martonne M (1909) Traité de géographie physique – Climat –
Hydrographic – Relief du sol – Biogéographie. Paris : Li-brairie
Armand Colin

Deer P (1998) Digital change detection in remotely sensed imagery using
fuzzy set theory. Ph.D. thesis, Department of Geography and
Department of Computer Science, University of Adelaide, Australia

Ding Y, Elvidge CD, Lunetta RS (1998) Survey of multispectral methods
for land cover change detection analysis, Remote Sensing Change
Detection: Environmental Monitoring Methods and Applications.
In: Lunetta RS, Elvidge CD (eds) . Sleeping Bear Press, Inc, New
York, pp 21–39

Eskandari Damaneh H, Zehtabian G, Salajegheh A, Ghorbani M,
Khosravi H (2018) Assessing the effect of land use changes on
groundwater quality and quantity (case study: west basin of
Jazmoryan wetland). J Range Watershed Manag 71(3):563–578
(In Persian)

Ettehad E (2010) Hydropolitics in Hirmand/Helmand International River
Basin AndApplication of IntegratedWater ResourcesManagement.
MSc Thesis, Uppsala:Uppsala University, Sweden

Firoozi F, Mahmoudi P, Jahanshahi SMA, Tavousi T, Liu Y (2020a)
Evaluating various methods of vegetative cover change trend anal-
ysis using satellite remote sensing productions (case study: Sistan
Plain in Eastern Iran). Carpathian J Earth Environ Sci 15(1):211–
222

Firoozi F, Mahmoudi P, Jahanshahi SMA, Tavousi T, Liu Y, Liang Z
(2020b) Modeling changes trend of time series of land surface tem-
perature (LST) using satellite remote sensing productions (case
study: Sistan plain in east of Iran). Arab J Geosci 13(10):1–14

Foody GM (2003) Remote sensing of tropical forest environments: to-
wards the monitoring of environmental resources for sustainable
development. Int J Remote Sens 24(20):4035–4046

Friedl M, Sulla-Menashe D, Tan B, Schneider A, Ramankutty N, Sibley
A, Huang X (2010) MODIS Collection 5 global land cover: algo-
rithm refinements and characterization of new datasets. Remote
Sens Environ 114:168–182

Frye RN, Elfenbein J (2019) Balūčistān. In: Encyclopaedia of Islam,
Second edn, Edited by: Bearman P, Bianquis Th, Bosworth CE,
van Donzel E, Heinrichs WP. Consulted online on 17
March 2019. https://doi.org/10.1163/1573-3912_islam_COM_
0097

Gong P (1993) Change detection using principal component analysis and
fuzzy set theory. Can J Remote Sens 19(1):22–29

Government of Balochistan (2019) About Balochistan. www.balochistan.
gov.pk/index.php?option=com_content&view=article&id=
37&Itemid=783

Hansen MC, DeFries RS, Townshend JRG, Sohlberg R (2000) Global
land cover classification at 1 km spatial resolution using a classifi-
cation tree approach. Int J Remote Sens 21:1331–1364

Hathout S (2002) The use of GIS for monitoring and predicting urban
growth in East and West St Paul, Winnipeg, Manitoba, Canada. J
Environ Manag 66:229–238

Hill J, Schütt B (2000) Mapping complex patterns of erosion and stability
in dry Mediterranean ecosystems. Remote Sens Environ 74(3):557–
569

Houet T, Verburg PH, Loveland TR (2010) Monitoring and modelling
landscape dynamics. J Landsc Ecol 25:163–167

Houghton RA (1994) The worldwide extent of land-use change.
Bioscience 44:305–313

Howarth PJ, Wickware GM (1981) Procedures for change detection
using Landsat digital data. Int J Remote Sens 2:277–291

Jensen JR (1996) Introductory digital image processing, Second edn.
Prentice-Hall, Upper Saddle River, p 316

Arab J Geosci         (2020) 13:1274 Page 13 of 14  1274 

https://doi.org/10.1163/1573-3912_islam_COM_0097
https://doi.org/10.1163/1573-3912_islam_COM_0097
http://www.balochistan.gov.pk/index.php?option=com_content&view=article&id=37&Itemid=783
http://www.balochistan.gov.pk/index.php?option=com_content&view=article&id=37&Itemid=783
http://www.balochistan.gov.pk/index.php?option=com_content&view=article&id=37&Itemid=783


Jensen JR (2007) Remote sensing of the environment: an Earth resource
perspective, 2nd edn. Pearson Prentice Hall, Upper Saddle River

Johnson RD, Kasischke ES (1998) Change vector analysis: a technique
for the multispectral monitoring for land cover and condition. Int J
Remote Sens 19:411–426

Khair SM, Mushtaq S, Culas RJ, Hafeez M (2012) Groundwater markets
under the water scarcity and declining watertable conditions: the
upland Balochistan Region of Pakistan. Agric Syst 107:21–32

Khan S, Qasim S (2017) Spatial and temporal dynamics of land cover and
land use in District Pishin through GIS. J Sci Technol Dev 36(1):6–
10

Khan S, Qasim S, Ambreen R, Syed Z (2016) Spatio-temporal analysis of
landuse/landcover change of district Pishin using satellite imagery
and GIS. J Geogr Inf Sci 8(3):361–368

King C, Baghdadi N, Lecomte V, Cerdan O (2005) The application of
remote-sensing data to monitoring and modelling of soil erosion.
Catena 62(2-3):79–93

Li X, Yeh AGO (1998) Principal component analysis of stacked multi-
temporal images for the monitoring of rapid urban expansion in the
Pearl River Delta. Int J Remote Sens 19:1501–1518

Liberti M, Simoniello T, Carone MT, Coppola R, D’Emilio M,
Macchiato M (2009) Mapping badland areas using LANDSAT
TM/ETM sate l l i te imagery and morphologica l da ta .
Geomorphology 106(3-4):333–343

Lu D, Weng Q (2007) A survey of image classification methods and
techniques for improving classification performance. Int J Remote
Sens 28(5):823–870

Mahmoudi P, Rigi Chahi A (2019) Analyzing the time series changes
trend of the Aerosol Optical Depth (AOD) index of Terra satellite's
MODIS sensor for Jazmorian basin in the southeast of Iran during
2000-2018. International confernce on dust storm in southwestern
Asia, Zabol, Iran

Maleki S, Soffianian A, Soltani Koupaei S, Pourmanafi S, Sheikholeslam
F (2018) Analysis of changes in the Hamun wetland water body
during annual water inundation and land use land cover change.
Iran Water Resourc Res 14(43):216–225 (In Persian)

Malila W (1980) Change vector analysis: an approach for detecting forest
changes with Landsat Proceedings of the 6th Annual Symposium on
Machine Processing of Remotely Sensed Data West Lafayette IN
USA Purdue University Press: West Lafayette IN USA 326–335

Mas JF (1999) Monitoring land-cover changes: a comparison of change
detection techniques. Int J Remote Sens 20:139–152

Mtibaa S, Irie M (2016) Land cover mapping in cropland dominated area
using information on vegetation phenology and multi-seasonal
Landsat 8 images. Euro-Mediterr J Environ Integr 1(1):1–16

Muttitanon W, Tripathi NK (2005) Land use/land cover changes in the
coastal zone of Ban Don Bay, Thailand using Landsat-5 TM data.
Int J Remote Sens 26:2311–2324

NASA, 2012. MODIS-specifications. Weitere Details. http://modis.gsfc.
nasa.gov/about/specifications.php. Accessed 1.06.2012

Nelson RF (1983) Detecting forest canopy change due to insect activity
using Landsat MSS. Photogramm Eng Remote Sens 49(1303-1):
314

Paolini L, Grings F, Sobrino JA, Munoz JCJ, Karszenbaum H (2006)
Radiometric correction effects in Landsat multi-date/multisensory
change detection studies. Int J Remote Sens 27(4):685–705

Pax-Lenney M, Woodcock CE, Macomber SA, Gopal S, Song C (2001)
Forest mapping with a generalized classifier and Landsat TM data.
Remote Sens Environ 77(3):241–250

Pontius RG, Cheuk ML (2006) A generalized cross tabulating matrix to
compare soft-classified maps at multiple resolution. Int J Geogr Inf
Sci 20:1–30

Pontius RG, Shusas E, McEachern M (2004) Detecting important cate-
gorical land changes while accounting for persistence. Agric
Ecosyst Environ 101:251–268

Qasim S, Shrestha R, Shivakoti G, Tripathi N (2011) Socio-economic
determinants of land degradation in Pishin sub-basin, Pakistan. Int J
Sustain Dev World Ecol 18(1):48–54

Scanlon TM, Albertson JD, Caylor KK, Williams CA (2002)
Determining land surface fractional cover from NDVI and rainfall
time series for a savanna ecosystem. Remote Sens Environ 82(2-3):
376–388

Shakeryari M, Ehsani AH, Nasrabadi T, Mahmoudi P (2016) Review of
capability Landsat data for evaluating land cover changes (case
study: International Hamoun Wetland). Desert Ecosyst Eng J
5(10):69–84 (In Persian)

Shirazi S A (2006) Desertification in Balochistan-Pakistan: suggesting
some remedial measures. 14th International Soil Conservation
Organization Conference. Marrakech, Morocco, 14-19 May 2006.

Singh A (1986) Change detection in the tropical forest of northeastern
India using Landsat, remote sensing and tropical land management.
In: Eden MJ, Parry JT (eds) . Chichester Wiley Press, London, pp
237–254

Singh A (1989) Digital change detection techniques using remotely-
sensed data. Int J Remote Sens 10:989–1003

Squires GD (2002) Urban sprawl and the uneven development of metro-
politan America. In: Squires GD (ed) Urban Sprawl: Causes,
Consequences and Policy Responses. The Urban Institute Press,
Washington DC

Strahler A, Muchoney D, Borak J, Friedl M, Gopal S, Lambin E, Moody
A (1999) MODIS Land Cover Product Algorithm Theoretical Basis
Document (ATBD), Version 5.0. Center for Remote Sensing,
Department of Geography, Boston University, Boston, MA, USA.
72 pp. Available online at https://modis.gsfc.nasa.gov/data/atbd/
atbd_mod12.pdf. Accessed on March 10, 2017

Sulla-Menashe D, Friedl MA (2018) User guide to collection 6 MODIS
land cover (MCD12Q1 and MCD12C1) product. Retrieved from
https://lpdaac.usgs.gov/sites/default/files/public/product_
documentation/mcd12_user_guide_v6.pdf. Accessed 20.05.2018

Turner W, Spector S, Gardiner N, Fladeland M, Sterling E, Steininer M
(2003) Remote sensing for biodiversity science and conservation.
Trends Ecol Evol 18(6):306–314

VrielingA (2006) Satellite remote sensing for water erosion assessment, a
review. Catena 65(1):2–18

Watson N, Wilcock D (2001) Preclassification as an aid to the improve-
ment of thematic and spatial accuracy in land cover maps derived
from satellite imagery. Remote Sens Environ 75(2):267–278

Weismiller RA, Kristof SY, Scholz DK, Anuta PE, Momin SA (1977)
Change detection in coastal zone environments. Photogramm Eng
Remote Sens 43:1533–1539

Williams M (1994) Forests and tree cover. In: Meyer WB, Turner BL II
(eds) Changes in land use and land cover: a global perspective.
Cambridge University Press, Cambridge, pp 97–124

YıldırımH, Alparslan E, Ozel M E (1995) Temporal change detection by
principal component transformation on satellite imagery. IEEE
International Geosciences and Remote Sensing Symposium, 10-14
July, Firenze, Italy

Zewdie W, Csaplorics E (2016a) Remote sensing based multi-temporal
land cover classification and change detection in northwestern
Ethiopia. Eur J Remote Sens 48(1):121–139

Zewdie W, Csaplorics E (2016b) Identifying categorical land use transi-
tion and land degradation in northwestern drylands of Ethiopia.
Remote Sens 8(5):2–20

 1274 Page 14 of 14 Arab J Geosci         (2020) 13:1274 

View publication statsView publication stats

http://modis.gsfc.nasa.gov/about/specifications.php
http://modis.gsfc.nasa.gov/about/specifications.php
https://modis.gsfc.nasa.gov/data/atbd/atbd_mod12.pdf
https://modis.gsfc.nasa.gov/data/atbd/atbd_mod12.pdf
https://lpdaac.usgs.gov/sites/default/files/public/product_documentation/mcd12_user_guide_v6.pdf
https://lpdaac.usgs.gov/sites/default/files/public/product_documentation/mcd12_user_guide_v6.pdf
https://www.researchgate.net/publication/346441393

	Detection...
	Abstract
	Introduction
	Study area

	Data and methodology
	Results
	Primary evaluation of land cover changes
	Cross-tabulating matrices
	Dynamic development of land cover changes

	Discussion
	Conclusion
	References


